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ABSTRACT

Evidence Basis: Conceptual Model · Architectural Proposal · Experimental Result · Field Observation

When people do high-stakes work inside a chat thread instead of forms and queues, the old
submit button no longer stands between “what the model inferred” and “what the operator
sees.” The question this paper takes up is practical: how do you limit how deep a generative
answer may go when the file only warrants a shallow read?

I call the failure mode authority collapse: under briefing-shaped output defaults, depth stays
high even as evidence thins (§5.1). Accuracy, grounding, and latency do not catch that (§1.2).
The proposed fix is permission-bounded rendering — an authority budget picks a render
profile and drops sections the file cannot support (§5.3–§5.5). Evidence admission sits on
Evidence-Aligned Tension (Saunders, 2026, SSRN 6507718). Authority calibration is the
evaluation question: does depth track warrant?

Evidence is limited and stated that way. On one auto-claims measurement surface,
ungoverned outputs (n = 100, single rater) gave r(completeness, depth) = 0.24 and a 96%
permission-gate fail rate under briefing defaults (§5.8). A small theory-break pilot (n = 10) cut
mean depth from 6.1 to 3.4 with a depth-3 profile (Arm D); offline section suppress cleared the
gate in Arm B (not live inference) (§5.6). One redacted field case showed roughly twenty
minutes of execution compression (§3.2). Other domains are argued, not measured (§4.3, §9.1).
Architecture is in §6.
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Executive Summary

Evidence Basis: Conceptual Model · Architectural Proposal · Experimental Result · Field Observation

If the thread is the desk, authorization has to happen before the answer renders. Chat does not
inherit the old submit-gate separation between inference and display (§2.1–§2.3).

The stack argued here is simple to state and hard to fake: conversational work criteria (§2.3),
authority collapse as the characteristic failure (§5.1), authority calibration as the metric (§1.2,
Appendix B), and permission-bounded rendering as the control (budget → profile → suppress;
§5.3–§5.5). EAT (SSRN 6507718) governs what may enter reasoning; the authority budget governs
how deep synthesis may go. A “work OS” shell is optional composition, not the claim (§6).

What was measured, in one domain: n = 100 ungoverned outputs, single rater, r = 0.24, 96% gate
fail (§5.8); Arm D depth 6.1 → 3.4 (n = 10); Arm B offline suppress 0% gate fail (§5.6); one field
vignette at ~20 minutes (§3.2). Cross-domain transfer is proposed only (§4.3, §9.1).

Usual AI metrics Here

What
you
measure

Accuracy, grounding, latency Authority calibration

What
breaks
first

Hallucination Depth that does not
fall with the evidence

Usual fix Better prompts / RAG Budget → profile →
suppress

See §2.3–§2.4, §5.1, §6, §9.1.
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1. Introduction

Evidence Basis: Conceptual Model · Architectural Proposal

Treat the implementation as disposable. Judge the architecture, the evaluation construct, and the
limited evidence — not a product name.

1.0 work-OS vision meets governance supply

Evidence Basis: Architectural Proposal · Field Observation (claims measurement surface)

The platform vision — walk in, ask what’s my day look like?, work conversationally, commit to the
system of record — is a work-OS-shaped operator experience (§6.4). That vision defines the shell:
thread as workspace, quick orientation, deep work on demand.

The author’s follow-up work asks: what must sit underneath that shell in regulated auto
claims? Answer: evidence governance (formalized in EAT, §4.4), a regulated auto-claims
domain-specific policy set as the empirical workload, and authority budget as permission
kernel.

"What's my day look like?"
"What should I touch first?"
"I'm out in 30 minutes — what can't slip?"
"Shop uploaded a supplement — quick read before I call."

These are orientation asks — Phase 1 (orientation) user stories. They are not briefing requests.
The operator wants warrant to choose where to commit attention.

Why governance matters. The work-OS vision is achievable with an LLM and queue access —
and high-risk without permission engineering. Ungoverned agentic answers “what’s my day look
like?” with briefing-depth output on every queue item. That matches the measured failure mode
(96% gate fail, single-rater n = 100, §5.8). Evidence governance + authority budget is what makes
the vision deployable under permission constraints.

work-OS vision              →  what the operator experience should be
Evidence governance      →  what may enter reasoning; signals not decisions (§4.4)
Authority budget         →  how deep synthesis may render (§5.3)
Empirical workload          →  regulated auto-claims domain-specific policy set — where 
mechanisms were measured (§3.2, §5)
This paper               →  how they compose (§6.0)



The Age of Conversational Computing

5

1.1 Contribution hierarchy

Evidence Basis: Conceptual Model

This paper makes one paradigm claim and three dependent contributions. They reinforce each
other; they are ordered dependencies.

┌─────────────────────────────────────────────────────────┐
│  PARADIGM    Conversational Computing                    │
│              (thread as workspace — §2.3)                  │
├─────────────────────────────────────────────────────────┤
│  PROBLEM     Authority Collapse (§5.1)                   │
├─────────────────────────────────────────────────────────┤
│  METRIC      Authority Calibration (§1.2, Appendix B)      │
├─────────────────────────────────────────────────────────┤
│  SOLUTION    Permission-Bounded Rendering (§5.3–§5.5)      │
└─────────────────────────────────────────────────────────┘

Authority calibration is required only if conversational interfaces truly remove implicit
authorization boundaries (§2.3, §5.4, §6.1). If the interface were merely UX, accuracy and
grounding would suffice.

Platform implication. §6.4 states a specialized conversational work-OS composition (shell /
permission kernel / domain-specific policy sets). This paper’s contribution is the governance
architecture beneath that composition. Regulated claims supply measurement, not the definition
of the architecture.

1.2 Why the paradigm creates a governance problem

Evidence Basis: Conceptual Model · Architectural Proposal

Prior interfaces enforced authorization at submit gates — implicit boundaries built into forms,
screens, and workflow states. Conversational computing collapses generation and display into a
single forward pass — the sentence is the interface — without inheriting those gates.
Authorization does not vanish; it must be re-engineered before render. A system can be
grounded yet over-authoritative: correct gap language, unwarranted briefing depth.

Authority calibration asks: Is the class of statement permitted at this operating point? Operationalized
via authority budget, render profiles, depth rubric (Appendix B), and synthetic permission gates
(§5.8).

Release test: Does reasoning depth fall when evidence falls?
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1.3 Scope

Evidence Basis: Architectural Proposal · Scope boundary

Primary illustration: auto collision claims as the measured domain-specific policy set on a
conversational work OS. Cross-domain examples (§4.3) are architectural analogies; they are not
additional empirical cohorts. Paradigm defense: §2.3. Platform architecture: §6.4. Readers:
architecture, risk, compliance, operations, engineering.

The empirical work reported here used a regulated auto-claims domain-specific policy set
(collision estimate, supplement, rental, and payment-review workflows). The specialized work-
OS pattern may host other domain-specific policy sets; the claims pack is not claimed as a general
template for all regulated domains.

Formal evidence-governance foundation: Saunders (2026), SSRN 6507718 — EAT (§4.4, Appendix
A.3). The main argument uses plain terms (evidence gates, signals not decisions, authority budget);
formal names are for governance and model-risk reviewers.

1.4 What enterprise AI leaders should verify

Evidence Basis: Architectural Proposal · Experimental Result (cited)

This paper is written for enterprise decision-makers, architecture reviewers, and academic
readers evaluating an architectural proposal. It is not a completed multi-site clinical trial of AI
systems. If you are evaluating whether “what’s my day look like?” is safe to deploy in claims or
similar regulated work, verify these four areas:

1. Phase 1 stays shallow (§3.4). Quick orientation must return ranked signals — not payment
dispositions, status banners, or briefing depth on files the operator has not opened. Ask: Does
output depth fall when evidence falls? That is the authority calibration release test (§1.2).

2. Phase 2 deepens only on intent (§3.2, §3.5). After the operator chooses a file, the thread adapts
— Evidence Record on sparse files, Partial or Briefing only when warrant rises. Field evidence
shows ~20-minute execution compression on this pattern.

3. Governance is structural, not prompt-based (§4.4, §5). Evidence gates + authority budget →
render profile → suppress. primary experimental numbers are summarized in the Executive
Summary and detailed in §5.6–§5.8.

4. Trust is verifiable (§4.5). Output traces to admissible evidence. Decision support: human
commits; system never auto-disposes.

5. Each layer is load-bearing (§6.0). Remove evidence governance, authority budget, or domain
specialization and a failure mode returns — several measured (§5.1).

https://ssrn.com/abstract=6507718


The Age of Conversational Computing

7

Definitions: Appendix A.1. Formal EAT vocabulary: §4.4, Appendix A.3. Paradigm pass/fail
criteria: §2.3.
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2. Background

Evidence Basis: Conceptual Model

2.1 A brief history of work interfaces

Evidence Basis: Conceptual Model

Conversational computing is not “chat instead of forms.” It is the current stage in how
organizations mediate knowledge work — and each prior stage embedded different
authorization boundaries.

  FORMS          GUIs           WORKFLOW           DASHBOARDS        CONVERSATIONAL
  (1970s–80s)    (1980s–90s)    SYSTEMS            (2010s)           WORKSPACES
                                (2000s–10s)                          (2020s–)
      │              │               │                  │                    │
      ▼              ▼               ▼                  ▼                    ▼
  User learns    Menus/windows   Queues, stages,    Aggregated KPIs,    User states
  system         reveal          BPM transitions    drill-down,         intent;
  language;      structure;      enforce            read-mostly         system
  validation     still field-    role-based         orientation;        synthesizes
  at field +     bound entry     handoffs           weak commit         narrative;
  submit gate                    at state           gate                weak implicit
                                 changes                                commit gate
      │              │               │                  │                    │
      └──────────────┴───────────────┴──────────────────┴────────────────────┘
                    Authorization increasingly structural — until the last step

Figure 1 — Evolution of work interfaces. Each era reduced friction between the operator and the
system, but preserved structural separation between data entry, review, and commit — until
conversational workspaces collapsed synthesis and display into one forward pass.
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Era Operator model Authorization boundary

Forms System operator — learns fields
and codes

Validate at entry; commit at submit

GUIs System operator — navigates
modules

Screen boundaries; save/submit per transaction

Workflow
systems

Process participant — moves
work through stages

State transitions; role permissions at queue handoff

Dashboards Analyst — reads signals, acts
elsewhere

Dashboard is read-mostly; action in downstream
system

Conversational
workspaces

Decision operator — states intent
in natural language

Implicit boundary removed — must be re-
engineered at render (§5.4, §6.1)

Prior eras made operators learn the system’s language. Conversational workspaces invert that
relationship — and, critically, remove the implicit gate between “what the system concludes”
and “what the operator sees.” That gate is not replaced automatically. Permission-bounded
rendering is the engineered authorization boundary this paradigm requires. Existing AI metrics
(accuracy, grounding) assume the interface still separates inference from authorization at a
structural submit point — conversational workspaces do not.

This paper names the resulting governance stack: authority collapse (problem), authority
calibration (metric), permission-bounded rendering (solution) — all predicated on the
conversational computing paradigm.

2.2 Conversational work systems

Evidence Basis: Conceptual Model · Architectural Proposal

Chatbot Conversational work system

Function Answer questions Execute work from intent

Output Explanations Action-ready artifacts

Success Satisfaction Warrant-aligned speed + audit survivability

Enterprise chat, instruction-bound LLM workspaces, and assistant plugins can be thinking
interfaces when they meet the paradigm criteria in §2.3 — not every chat window qualifies.
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Intent-adaptive companion UX. Prior interfaces expose fixed surfaces: the payment screen,
dashboard tile, and workflow queue look the same regardless of what the operator is trying to
accomplish. A conversational companion reconfigures with intent — the permitted output
morphology, artifact types, and operator posture shift as utterances and file state change. The
same thread can move from evidence inventory to partial orientation to decision briefing without
navigating modules.

That adaptivity is dynamic, not cosmetic. Ungoverned systems still apply one default shape
(briefing-depth for every ask). Governed systems bind morphology to intent × operating point
via authority budget → render profile (§5.4). Static chat — one response template for every
question — remains UX. Intent-dynamic companionship — where the interface itself changes
with the work — is paradigm.

2.3 Paradigm shift vs UX improvement

Evidence Basis: Conceptual Model · Architectural Proposal

Reviewers will ask: Is conversational computing a new paradigm, or a UI layer on existing systems?
This section states the test explicitly.

UX improvement wraps a new interaction mode around an unchanged architecture:

Same system of record → same queues/modules → chat assists navigation or search
Authorization boundary preserved at SoR commit
Output type: mostly retrieval + formatting
Unit of work: still the queue item / transaction

Paradigm shift changes what work is at the interface:

Thread replaces queue item as unit of work
Intent replaces navigation as primary operator action
Companion UX adapts to intent — morphology changes; not one fixed chat template
Synthesis replaces retrieval as primary system output
Implicit authorization boundary removed — must be re-engineered explicitly before display

Four structural criteria. Conversational computing qualifies as a paradigm only when all four
hold (the second criterion includes intent-adaptive morphology):
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# Criterion UX overlay (fails) Paradigm (passes)

1 Thread as
workspace

Chat pane beside the system of
record; work still lives in SoR screens

Thread holds intent, artifacts, history,
and outputs; orientation happens in
conversation

2 Intent replaces
navigation

“Where is the payment screen?” —
same UI regardless of ask

“Review this file for payment
readiness” — no module path;
companion UX reconfigures with
intent and file state (inventory vs
orientation vs briefing)

3 Synthesis replaces
retrieval

Returns links, snippets, field values Produces quick orientation (ranked
focus lists, gap flags, calendar fit) and
deep artifacts when warrant permits

4 Implicit
authorization
boundary removed

Human still commits only in SoR;
chat is advisory sidebar; SoR gates
suffice

Single-pass narrative is the operating
surface; permission layer re-
engineers authorization before
display (§6.1)

A sidebar copilot that summarizes a record but requires all actions in the backend system is UX.
A workspace where incremental utterances reconstruct state and emit execution artifacts —
without structured data entry — is paradigm (§3.2).

Why this matters for governance. UX overlays inherit the SoR’s authorization model; the chat
layer is optional. Paradigm workspaces remove the implicit submit gate that traditional software
provided — so authorization must be engineered explicitly at render (§5.4). The permission layer
in §6.1 is not a contradiction of the paradigm claim; it is the replacement boundary. Under the
paradigm criteria in §2.3, authority calibration is treated as a consequence, not an optional metric
add-on.

Counter-argument: “It’s just LLM chat on documents.” Retrieval-augmented Q&A satisfies
criterion 3 partially but typically fails 1, 2, and 4: no persistent thread-as-workspace, navigation
still external, synthesis depth ungoverned. The measured failure mode — depth ~6 regardless of
completeness (§5.1) — is evidence of paradigm-scale output, not sidebar-scale snippets. Field
evidence (§3.2) shows execution compression incompatible with “search box with politeness.”

Falsifiable claim. If a deployment returns only excerpts and links, requires module navigation
for every action, and preserves SoR-only commit without generative orientation artifacts, it is UX
— and this paper’s governance stack does not fully apply. If the thread is the workspace and
synthesis is the output, the stack applies whether or not the backend is legacy.
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2.4 Related work

Evidence Basis: Conceptual Model (literature positioning)

A short map of neighbors, not a literature survey.

Decision-support work has long cared about which action to put in front of a manager (Simon,
1947/1997; Keen & Scott Morton, 1978; Sprague, 1980). That concern still matters. In a
conversational desk the first mistake is often different: the system writes a deep brief when the
file only supports a punch list.

Human-in-the-loop and mixed-initiative systems put people after or beside the model (Horvitz,
1999; Amershi et al., 2019; Shneiderman, 2022). Endsley (1995) and Parasuraman and Riley (1997)
already warned about trust and misuse when automation is poorly timed. The move here is
earlier: cut or shallow the synthesis before it hits the screen when warrant is thin.

RAG and grounding help with what enters context (Lewis et al., 2020; Gao et al., 2023). They do
not, by themselves, stop a model from sounding definitive on a thin file. Explainability and
accountability work ask why a model said something and who owns it (Doshi-Velez & Kim, 2017;
Raji et al., 2020). Useful, but a different question from whether inventory, orientation, or briefing
was authorized by the evidence in hand.

Governance frameworks (NIST, 2023; Floridi et al., 2018) call for oversight on high-impact AI.
This paper is one technical way to honor that call: budget → profile → suppress, with admission
rules from EAT (Saunders, 2026). Enterprise copilots and agent stacks (2024–2026) usually
optimize tool use and deliverables; few bind depth to warrant. Agents inside a permission kernel
are the path that fits (§3.5).

EAT itself (SSRN 6507718) is the prior formal piece on evidence admission and non-decisional
support. This paper adds the authority budget and render control (§4.4, §5). It does not replace
EAT.

Neighbor What it usually controls What still slips

DSS Better options Unwarranted depth

HITL / mixed-
initiative

Review after the fact Full briefing already shown

RAG Retrieval quality Confident tone on sparse files

XAI / audit Explanation / accountability Morphology permission

Copilots / agents Tools and output volume Evidence-bound depth
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3. Operational and field evidence

Evidence Basis: Mixed — see subsections

3.1 Thread as workspace

Evidence Basis: Architectural Proposal

As defined in §2.3, the thread is the unit of work. Companion morphology must track intent ×
completeness; fixed briefing templates on every ask create a permission hazard (§5.1). Operators
typically need quick orientation first (§3.4), then deepen only after selecting a file.

3.2 Operational vignette — compressed execution

Evidence Basis: Field Observation (single-domain)

[Field Observation] Approved production field use in a regulated claims setting (July 2026;
identifiers redacted; Appendix D). This illustrates the operational claim: conversational
computing as compressed execution in a work OS session — not faster document generation.

Situation. A repair claim stalled under saturated field resources. Supervisor request with intent
but incomplete orientation — Can the network shop collaborate with the dealership? Traditionally, the
adjuster reconstructs the entire file before acting.

Process. Incremental natural-language updates only (“Supervisor is asking me to help,” “Rental
issue resolved,” “Authorize repair,” “Shop assignment will need closed”). No structured data
entry. The system reconstructed state and produced execution artifacts: next actions, notes,
supervisor communications, posture updates, closure documentation.

Compression.

Traditional:  intent → manual orientation → reconstruction → action → docs → comms
Conversational: intent → quick orientation → conversation → artifacts

Quick orientation compresses the manual reconstruction step — cross-source inventory and
ranked focus before the operator commits attention to a single file. Phase 2 (§3.2, §3.5) deepens
only when the operator enters a thread.
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~20 minutes Human System

Insured/dealership contacted; rental resolved;
repairs authorized; shop assignment closed;
docs complete

Judgment,
authorization, contact

State reconstruction,
continuity, drafting, next
actions

Validation. Unsolicited supervisor recognition — without awareness conversational tooling was
used. Outcome-based; distinct from synthetic permission gates (§5.8). Deployed as a single-pass
hosted LLM workspace with simulated authority budget — instructions and structured output
specifications binding render profile to operating point, no external runtime at inference (§5.3.1,
§6.3).

Trust and traceability. The same sessions demonstrated governed output that holds up under
verification — gap lists matched missing documents; orientation rankings confirmed in queue
and email; notes accepted as ordinary work product. Repeatable in production when output is
bound to the evidence pass, not narrative completion (§4.5).

3.3 Advisory boundary — signals not decisions

Evidence Basis: Conceptual Model · Architectural Proposal

Computational systems in regulated work should generate signals, not decisions (Saunders
2026, SSRN 6507718 — CBAC, §4.4).

Let A denote the action space (approve, deny, pay, assign liability, commit to SoR) and S the
signal space (review states, gap inventories, tension markers, ranked focus). CBAC requires S ∩ A
= ∅: the system’s output is always a signal, never an executable action. Irreversible actions pass
only through authorization gate G — external to the model — implemented in the work OS as
human commit()  to the system of record.

Fluency erodes this boundary when output reads as company position — regardless of
disclaimers. A system may emit signals only (no auto-commit) while still producing over-
complete advisory depth — authority collapse (§5.1). Signals-not-decisions bounds what class of
output; authority budget bounds how deep.

Quick orientation lists are especially CBAC-sensitive: a ranked “pay these three” reads as
disposition even when the operator only asked where to start (§3.4).

3.4 Quick orientation — the entry point

Evidence Basis: Architectural Proposal · Field Observation

Quick orientation is the governed answer to “what’s my day look like?” — not a decision briefing
on every queue item.

https://ssrn.com/abstract=6507718
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Traditional work OS     queue → open file → reconstruct → act        (15–45 min before 
judgment)
Ungoverned chat/agentic queue → full briefing per item               (authority collapse at 
scale)
Governed path           queue + email + calendar → ranked focus list   (minutes; signals 
only)

It is read-only, cross-source synthesis capped at Partial Review / orientation profile: ranked
signals, calendar fit, gap flags, tension markers — not payment dispositions, not full file
narratives. Authority budget applies per line item in multi-file views so the system cannot
briefing-fill an entire queue in one pass.

Layer Role in quick orientation

Admissibility Which artifacts may enter — provenance, integrity, type (§4.4)

Coherence Do sources agree — flag contradictions (scan on estimate, no scan report)

Alignment Degree evidence supports each claim dimension — partial stays partial

Tension ranking Rank queue items by structural tension (idle shop + escalation > routine wait)

Envelope checks Flag evidence/claim divergence — block briefing collapse of gaps

Authority budget Cap depth per line item; orientation lists stay shallow

Signals not
decisions

“Material review items,” “must today” — not approve/pay/close

Domain rules Stage vocabulary, supplement/payment posture, regulated gap language

Output morphology (orientation profile). Typical quick-orientation render:

Focus today (3):
  1. File ··· — supervisor follow-up 72h; rental open; shop email unanswered
  2. File ··· — payment stage; scan on estimate; scan report not located
  3. File ··· — repair complete; final bill in; RTV watch territory
Calendar: items 1–2 fit before 11:00 stand-up.
CBAC: ranked review signals — operator chooses where to commit attention.

That is synthesis replacing retrieval at queue scale — not links to six systems, not a 47-file
briefing deck. When the operator says “Open #1”, the shell shifts to Phase 2: conversational
thread, intent-adaptive profile, human commit()  (§3.5, §3.2).
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Why governance matters here. Ungoverned agentic orientation would emit decision-briefing
depth on files the operator has not opened — authority collapse before work begins. Evidence
governance + authority budget keep quick orientation structurally shallow: warrant to choose, not
fluency masquerading as decide (§4.5).

3.5 Agentic AI within governance boundaries

Evidence Basis: Architectural Proposal

Agentic AI is not incompatible with this architecture — it is incompatible with ungoverned
deployment. Quick orientation (§3.4) is the primary agentic deliverable at queue scale: read-only
cross-source planning that stops at ranked signals. Multi-step planning, tool use, and
orchestration can operate inside a conversational work OS when bounded by evidence gates and
authority budget:

Boundary What it constrains

Admissibility What evidence may enter before the agent reasons

Coherence Whether sources agree — contradictions preserved, not smoothed

Alignment Whether evidence supports each claim dimension

Tension / divergence Ranked focus signals; envelope gaps block overreach

Signals not decisions Output advisory only; irreversible actions via human commit()

Authority budget Each render step capped by profile — no briefing-fill on sparse files

Ungoverned agentic     →  plan → act → deliver (autonomy maximized)
Governed agentic       →  plan → evidence pass → budget → synthesize → signal
                         → human review → commit() (warrant maximized)

Common orchestration-first agentic deployments optimize tool use and deliverables. A
governed work OS adds the missing layer: agents as permission-bounded workloads inside the
evidence and budget kernel. External agents connect through the capability/commit bus; they do
not replace evidence gates, budget, or the commit boundary.

Design rule: Agentic capability expands what the thread can do; governance defines what the thread
may conclude and commit.

ILLUSTRATIVE PATTERN

Evidence Basis: Architectural Proposal (illustrative)
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Phase 1 returns ranked signals under a shallow profile; Phase 2 opens a selected file and deepens
only as warrant rises. Worked vignette: §3.2 / Appendix D. Profile must shrink when artifacts
remain missing (Evidence Record / Partial Review), and must not emit irreversible dispositions
(signals not decisions; §3.3).
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4. Evidence and authority

Evidence Basis: Conceptual Model · Architectural Proposal

4.1 Inventory, support, warrant

Evidence Basis: Conceptual Model

Layer Question Evidence gate

Inventory What is locatable? Admissibility — is each artifact usable?

Support What does evidence bear on? Alignment — degree evidence supports each
dimension

Warrant What conclusion is permitted? Authority budget + signals-not-decisions — how
deep; advisory only

Coherence sits between inventory and support: do admissible artifacts agree, or contradict?
Incoherent sets preserve ambiguity rather than forcing synthesis (§4.4).

Systems often excel at inventory and support while over-extending warrant — gap language in a
briefing-shaped output is insufficient if STATUS and economics imply readiness to act. Support ≠
proof: an estimate line supports billing intent; it does not prove scan performed; a photo supports
visible damage, not causation alone.

4.2 Readiness vs reasoning authority

Evidence Basis: Conceptual Model · Architectural Proposal

Readiness  = Evidence ∩ Rules ∩ Requirements ∩ Present State
Authority  = Stage ∩ Completeness ∩ Dependencies ∩ Tension

Not ready for action + full briefing = authority collapse (§5.1).

4.3 Cross-domain pattern

Evidence Basis: Architectural Proposal (not multi-domain measured)

The mechanism is not claims-specific. Same pattern: missing artifact → lower authority budget
→ suppress over-depth sections.
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Domain Sparse file signal Over-authoritative output (fail) Governed output (pass)

Healthcare Imaging report not
in chart

Differential diagnosis + treatment plan
sections

Observations, studies on
file / not located,
documentation gaps

Legal Key deposition
absent

Litigation strategy, recommended
motion posture

Document inventory,
identified gaps, no strategy
synthesis

Financial
advice

Income verification
missing

Allocation recommendation, risk
posture

Holdings on file, missing
verification items, no
recommendation block

Claims
(this
paper)

Scan report not
located at Initial
Estimate

STATUS + economics + full briefing
(depth ~6)

Evidence Record:
observations, documents,
gaps (depth ≤3)

Each domain defines artifact profiles and ceilings (§5.3); the invariant is permission measurement.

4.4 Formal foundation (EAT) — for governance reviewers

Evidence Basis: Conceptual Model (formalized in SSRN 6507718)

The main argument (§1–§3, §5–§6) uses plain terms. This section holds formal definitions for model-risk
and compliance readers. Skip on first pass if not needed.

Evidence-Aligned Tension (EAT) (Saunders 2026, SSRN 6507718) is the formal research
foundation for evidence governance in this paper.

STACK: FORMAL FRAMEWORK → EVIDENCE RUNTIME → DOMAIN-SPECIFIC POLICY
SET → WORK OS

EAT (formal)         Evidence-Aligned Tension — α, κ, λ, ETM, EDIK, CBAC (SSRN)
Evidence runtime     Deterministic evidence pass — implements α, κ, λ, ETM, EDIK
Domain-specific policy set          Regulated auto-claims workload — estimate, supplement, 
rental, payment review (empirical surface)
Specialized work OS  Architectural platform pattern; claims pack is one workload among 
possible others (§6.4)

This paper’s contributions — authority collapse, authority budget, permission-bounded
rendering, authority calibration — are a normative extension to EAT §9. EAT proves a fully
compliant system cannot autonomously execute irreversible actions (CBAC, Theorem 31). EAT

https://ssrn.com/abstract=6507718
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§9 adds that a system may still satisfy CBAC while emitting over-complete advisory depth —
signals structurally deeper than evidentiary warrant. That is the pathology this paper measures
and corrects (§5).

THE THREE EVALUATION FUNCTIONS

EAT decomposes evidence evaluation into three compositional, gated functions (EAT §3):

Function Symbol Question On failure

Admissibility α Is each artifact usable
(provenance, integrity,
type)?

⊥α — typed fail signal; no
downstream reasoning on
inadmissible evidence

Coherence κ Do admissible artifacts
agree (no
contradictions)?

⊥κ — typed fail signal;
preserve ambiguity

Alignment λ Does evidence support
each claim dimension?

Alignment vector — degree
of support/contradiction per
dimension

Let E⁺ = {e ∈ E | α(e) = 1}. Coherence κ(E⁺) = 1 only if no pair of admissible artifacts asserts
contradictory propositions. Alignment λ(E⁺, C) maps a coherent set and contextual claim C to a k-
dimensional support vector. Failure signals are outputs, not exceptions — the pipeline always
terminates in S (signal space), never in A (action space).

GATED PIPELINE

Evidence E
    → α (admissibility)     → E⁺ or ⊥α
    → κ (coherence)         → pass or ⊥κ
    → λ (alignment)         → alignment vector
    → EDIK (envelope check) → divergence vector ∆, signal σ ∈ {clear, flag}
    → ETM (tension metrics) → tension vector T, aggregate score Ts
    → CBAC output           → human review signal ∈ S
    → G (authorization gate) → human action (external to system)

ETM — EVIDENCE TENSION METRICS

ETM quantifies structural misalignment between a coherent admissible evidence set E⁺ and
contextual claim C (EAT §4). For each claim dimension j, a tension component tj ∈ [0, 1] measures
how far alignment falls from maximum achievable support; an aggregate tension score Ts
weights components by domain severity.
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ETM outputs are signals for human review — ranked focus, review priorities, tension markers
— never verdicts or dispositions. In quick orientation (§3.4), ETM ranks queue items: dual tension
(idle shop + insured escalation) outranks routine supplement wait. Tension is first-class output in
EAT — not an intermediate quantity to be collapsed before display.

EDIK — ENVELOPE DETERMINISM INTEGRITY KERNEL

EDIK detects divergence between evidence envelopes and claim envelopes (EAT §5). An
evidence envelope is the set of claims the artifacts actually support; a claim envelope is the set of
evidence configurations the file’s assertions require. EDIK classifies three divergence types:

Divergence class Meaning Claims example

Coverage violation Evidence envelope
does not cover
asserted claim
scope

Scan line on estimate; scan report not
in file

Scope misalignment Evidence supports
a different scope
than claimed

Photos support LF impact; estimate
scope includes unrelated panels

Topology conflict Relational
structure of
evidence conflicts
with claim
structure

Supplement sequence inconsistent
with repair timeline

EDIK produces signal σ ∈ {clear, flag}. A flag does not necessarily halt the pipeline but blocks
overreach: synthesis must not collapse unresolved divergence into briefing posture. In governed
deployment, EDIK divergence feeds authority budget — flagged envelope gaps cap render
profile at Evidence Record or Partial Review.

CBAC — CONSTRAINT-BOUNDED ADVISORY CONTROL

CBAC (EAT §6; operational use §3.3) structurally constrains computational output:

∀ (E, C):  M(E, C) ∈ S        (signal space)
S ∩ A = ∅                      (signals are not actions)
Irreversible actions ∈ Ai pass only through G: S → A   (human authorization gate)

The EAT non-decisional theorem: a system fully implementing EAT cannot autonomously
execute irreversible actions — output domain is S by construction; G is external. In specialized
work OS, G is human commit()  to the system of record.
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WHAT THIS PAPER ADDS TO EAT

EAT (SSRN) This paper (industry deployment)

α, κ, λ compositional
gates

Same — implemented in the evidence runtime / auto-claims domain-specific
policy set (empirical)

ETM, EDIK tension and
divergence

Same — ranks quick orientation; gates synthesis

CBAC — signals not
actions

Same — commit()  boundary in specialized work OS

Non-decisional safety
theorem

Same architectural guarantee

(EAT §9) Authority
collapse as pathology

Named, measured — r = 0.24, 96% gate fail (§5.8, single-rater)

(EAT §9) Authority
budget as depth
governor

Operationalized — budget → profile → suppress (§5.3–§5.4)

(EAT §9) Advisory depth
bounds

Authority calibration metric + render profiles (§5, Appendix B)

EAT answers what evidence evaluation means and what may never be decided. Authority budget
answers how much synthesis may render at this operating point. Conversational computing requires
both.

4.5 Operational trust — evidence-based, traceable output

Evidence Basis: Field Observation (author-observed)

Trust is structural, not reputational. Governed output earns verification because the architecture
makes spot-checking cheap — not because the model sounds confident.
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Property Mechanism What the operator gets

Evidence-based Gated evidence pass
(§4.4)

Signals grounded in admissible artifacts — not opaque
inference

Traceable Per-artifact checks;
envelope divergence

Focus items and gaps checkable against the file

Fail-closed Thin evidence →
preserved ambiguity

No manufactured conclusions on sparse files

Advisory Signals not decisions;
human commit

Trust = warrant to verify quickly, not skip verification

Fluency without lineage is authority collapse (§5.1). Governed systems earn trust when operators
learn output holds against the file — repeatable in production (§3.2), observed across multiple
sessions (§9.1 scope).
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5. The Permission Problem

Evidence Basis: Conceptual Model · Experimental Result

5.1 Authority collapse (definition)

Evidence Basis: Conceptual Model · Experimental Result (single-rater)

Authority collapse occurs when evidence availability affects content selection (which gaps are
named) but does not affect reasoning depth (how much is synthesized around those gaps).

The measured failure is not simply that “LLMs reason too deeply.” Ungoverned deployments use
a briefing-first structured output specification whose mandatory sections impose a schema floor
(~depth 5–6): STATUS, snapshot economics, review-focus section, and advisory judgment section
appear regardless of evidence completeness. Reasoning depth therefore stays effectively constant
across completeness buckets — not because the model infers equally from sparse and rich files,
but because the contract structurally forces briefing-shaped output. That floor is the engineering
root cause; it directly motivates suppress_section()  over prompt softening (§5.2, Appendix B.1).

Without an authority budget, models exhibit template completion pressure — a tendency to fill
the output surface rather than stop at warrant. Given a briefing-shaped schema, the model
populates every section: STATUS even when posture is uncertain, economics even when ACV is
unresolved, review-focus section even when the only honest answer is “documents not located,”
synthesis even when gaps dominate. Sparse files do not produce sparse output; they produce
full-shaped output with thin justification. The model is not necessarily over-confident — it is
completing the form. Authority budget breaks this by shrinking the permitted surface: Evidence
Record gives the model three sections and an explicit stop point, removing the empty slots it
would otherwise fill.

Measurement scope (synthetic permission gates). primary statistics in this section derive from
offline depth scoring of production quick-scan outputs (June 2026). A single author-rater applied
the Appendix B rubric; gate pass = classified depth ≤ stage-appropriate budget B. These numbers
establish magnitude and pattern (schema floor, invariant depth across completeness buckets);
they are not independent audit metrics. Strongest causal claim: theory-break Arm D (§5.8) —
depth-3 profile re-generation on 10 pilot cases: mean depth 6.1 → 3.4 (not same-prompt edit).
Arm B (offline suppress_section()  on production text) → mean depth 0.0, 0% gate fail — proves
section removal breaks the floor; primary lever remains profile selection first (Layer 2). Before
model-risk sign-off: multi-rater reliability on borderline depths 4–5 (Appendix B.5, §9.1).

Empirical signature from the 100-case depth experiment (n = 100, single-rater, June 2026):
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Evidence completeness bucket Mean reasoning depth (0–7) n

~30% 6.02 34

~50% 6.00 33

~70% 6.25 33

Correlation(completeness, depth): 0.24

Outputs at depth 6 regardless of bucket: 97/100

FAIL under stage-appropriate authority limit: 96%

The system acknowledged missing artifacts while maintaining synthesis authority. Less evidence
did not produce shallower warranted output — it produced the same depth with lower
justification, consistent with a fixed schema floor rather than evidence-responsive reasoning.

5.2 Why prompts fail — and why suppression works

Evidence Basis: Architectural Proposal · Engineering Observation

Prompts cannot reliably override a structural structured output specification. Four mechanisms
interact; the first is primary:

1. Briefing-first schema floor — mandatory sections (~depth 5–6) render regardless of
completeness or stage. The contract is the depth allocator until profile selection and
suppress_section()  intervene. Ungoverned models fill available section slots — completion
pressure, not inferential necessity.

2. No executable depth governor bound to evidence or stage.

3. Display-only stage labels (annotate, do not govern).

4. Narrow phrase gates without section suppression.

Labels annotate; they do not govern unless composed with explicit suppress_section() .
Changing the contract — or suppressing over-budget sections before display — is the
intervention that breaks the floor. Theory-break (§5.8): Arm D depth-3 profile → mean depth 3.4;
Arm B offline suppress → mean depth 0.0 on identical production text.

5.3 Authority budget

Evidence Basis: Architectural Proposal · Engineering Observation

B(stage, X, ℛ) → max permitted depth
authority_budget = min(stage_ceiling, gate_ceiling) − completeness_penalty
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Calibrated to a nine-artifact payment-ready profile — recalibrate per organization (§4.3).

Stage Ceiling

Assignment / FNOL 2

Initial Estimate 2

Supplement Review 3

In Repair 3

Repair Complete 5

Payment Review 7

Completeness penalty:

Completeness Penalty

≥ 85% 0

≥ 55% 1

≥ 35% 2

< 35% 3

ℛ (required artifacts). gate_ceiling  comes from missing required artifacts at the operating point
(payment-ready profile, domain-specific policy set). Budget is the minimum of stage ceiling and
gate ceiling, minus completeness penalty — implemented in the offline authority-budget
evaluation module.

5.3.1 Simulating authority budget in the LLM

Evidence Basis: Engineering Observation · Experimental Result (single-domain pilot)

An authority budget is not a model hyperparameter. It is a computed permission ceiling that
governs what may appear on the operating surface.

Simulation uses three layers:
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Layer Role Instruction-bound deployment Middleware / offline mode

1
COMPUTE

stage +
completeness +
required artifacts
→ B

Instructive approximation Deterministic budget module

2 SELECT B →
allowed/forbidden
sections

Primary lever (structured output
specification / render profile)

Pre-render profile bind

3
ENFORCE

suppress over-
budget sections

Not at inference Offline (Mode 2) or live post-
render (Mode 3)

Layer 2 passes morphology, not the integer B: which sections may render and where output
terminates. That removes empty schema slots that drive space-filling. Pilot magnitudes (Arm D /
Arm B) are reported in §5.6; methods in §5.8.

Release rule: if B ≤ 3, the selected profile must not intersect first-render briefing-required
sections. Failure mode is contract conflict (shallow instructions + briefing-shaped first-render
specification), not simulation as such (§5.8; 96% gate fail under conflicting defaults).

5.4 Render profiles

Evidence Basis: Architectural Proposal

The authority budget selects a render profile — the permitted section surface. This is how intent-
adaptive companion UX is operationalized: operator intent and file state jointly determine
interface morphology, not a single chat template.

Profile Budget Permitted sections Suppressed

Evidence Record 0–3 Observations, documents on file / not
located, evidence gaps

STATUS, snapshot
economics, review focus,
file note, synthesis

Partial Review 4–5 Header, STATUS, sparse snapshot,
limited focus, brief file note

advisory judgment
section, snapshot
economics block, full
briefing

Decision
Briefing

6–7 Full quick-scan / decision briefing
skeleton

— (subject to finding-
level gates)
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if output_depth > authority_budget: suppress_section()   # not rewrite, not soften

5.5 Governed vs ungoverned contrast

Evidence Basis: Experimental Result (illustrative contrast)

Same sparse Initial Estimate file: ungoverned output ~depth 6 (STATUS, economics, briefing
sections); governed Evidence Record ~depth 3 (observations, documents, gaps only). Worked
examples: Appendix B.3.

5.6 Pilot validation (10-case theory-break cohort)

Evidence Basis: Experimental Result (single-domain pilot, single-rater)

[Experimental Result] Same 10 pilot cases as §5.8; single-rater. Reproduction uses the offline theory-break
evaluation harness.

Metric
Ungoverned (100-
case §5.8)

Layer 2 — Arm D
depth-3 profile

Layer 3 — Arm B offline
suppress

Mean depth (pilot) 6.1 (Arm A) 3.4 0.0*

Correlation(completeness,
depth)

0.239 (n = 100) ~0.32 (n = 10) — (constant depth)

Gate fail rate 96% (n = 100) 90% (9/10) 0% (10/10)

* Scoring note: Arm B mean depth 0.0 is a rubric artifact — stripped inventory-only text scores
below Evidence Record morphology; utility may remain high (Appendix B.5). Arm D mean 3.4 is
the operative Layer 2 target (appropriately shallow, not empty).

Pass criteria (governed configuration): correlation(completeness, depth) > 0.5 on held-out set;
gate fail < 30%; lowest-completeness bucket mean depth ≤ 3. The 10-case pilot demonstrates
causality and magnitude; it does not yet satisfy full pass criteria at n = 10 — scale and multi-rater
required (Appendix B.5).

5.7 Operator override

Evidence Basis: Architectural Proposal · Future Work

Budget applies before render even when operators request “full briefing.” Open question: role-
gated override with audit log, or override only after artifacts recompute budget upward? Default:
no override path — any expansion reintroduces collapse.
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5.8 Evaluation methodology

Evidence Basis: Experimental Result (single-rater methods)

Scoring chain: operating point → completeness X → budget B → model output → depth
(Appendix B) → gate pass (depth ≤ B).

Classifier. Depth is scored offline via the Appendix B rubric (section floors + phrase markers). All
primary gate statistics (§5.1, §5.6, abstract, executive summary) use one author-rater. Borderline
adjudication (depth 4 vs 5 — chronology note section posture vs STATUS) is the highest-variance
band; multi-rater κ on a held-out borderline set is the highest-priority empirical follow-up
before model-risk release (Appendix B.5).

Pass criteria (governed configuration): correlation(completeness, depth) > 0.5; gate fail rate <
30%; lowest-completeness bucket mean depth ≤ 3. Permission failure is independent of finding
accuracy.

100-case depth experiment (ungoverned production outputs, June 2026; single-rater):

Metric Value

Cases scored 100

Mean evidence completeness 38.0%

Mean reasoning depth 6.03

Mean authority limit (budget) 3.53

Correlation(completeness × depth) 0.239

Depth spread across buckets 0.25

Gate would-fail rate 96.0%

Verdict schema_floor — structured output specification
forces briefing depth; evidence does not
constrain synthesis

Reproduce (100-case): offline depth-experiment harness → evaluation report (methods artifact;
not a product deliverable).

Theory-break (single-rater; n = 10 pilot cases; strongest causal claim). Four arms — do not conflate:
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Arm Condition Mean depth Gate fail Layer

A Production baseline
outputs

6.1 100% Ungoverned
reference

B Arm A + offline
suppress_section()

0.0 0% Layer 3
(offline only)

C Depth-3 reference
outputs

3.33 — Feasibility

D Live depth-3 profile re-
generation

3.4 90% Layer 2 (pre-
render
profile)

Reproduce: python3 the offline theory-break evaluation harness → the evaluation report`.

Interpretation: Arm D shows profile selection collapses depth (6.1 → 3.4) when briefing schema
is replaced — schema is the authority allocator. Arm B shows offline suppression can force gate
pass but scores depth 0.0 under the rubric; profile first, suppress as backstop (§5.3.1). Arm D is
not “same prompts, contract-only change” — it uses the depth-3 profile instruction set on the
same claim fixtures.
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6. Reference Architecture

Evidence Basis: Architectural Proposal

6.0 Why each layer earns its place

Evidence Basis: Architectural Proposal

Enterprise AI leaders will ask: “Why not sidebar copilot + RAG + better prompts?” Each layer in this
stack answers a question nothing else in the stack can answer. Remove one layer and a specific
failure mode returns — several are measured, not hypothetical.

The stack is compositional. Layers are not branding; they are load-bearing.

Question                          Layer that answers it
────────────────────────────────  ─────────────────────────────────────
"What's my day look like?"        Conversational shell (thread, intent)
"What evidence may I reason on?"  Evidence governance (formal: EAT, §4.4)
"How deep may I synthesize?"      Authority budget (kernel)
"What does payment review mean?"  domain specialization — auto-claims stage, artifact, and 
contract models
"Who commits to the system of record?"  Human authorization (never the model)

REMOVE THE LAYER — WHAT BREAKS

Evidence Basis: Architectural Proposal

Remove evidence governance, authority budget, or domain specialization and a characteristic
failure returns (queue-scale over-authorization, schema floor, or uncalibrated stage ceilings).
Details: §5.1, §6.0.
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WHY COMMON SUBSTITUTES FAIL

Approach Supplies Does not supply

RAG / grounding Context retrieval Synthesis-depth permission; stage-aware
profiles; commit boundary

Prompts & disclaimers Tone steering Schema-floor control (§5.1–§5.2)

Sidebar copilot Summaries beside SoR Thread-as-workspace; intent-adaptive
morphology; queue-scale orientation

Ungoverned agentic Tool orchestration Permission ceiling on each render

Middleware-only suppress Post-render strip Domain stage/artifact inputs; EAT evidence
pass

Authority budget is the kernel primitive that resolves profile vs briefing-default conflict (§6.3).
Layer-level evidence is in §3.2, §4.5, and §5.6–§5.8.

6.1 Core model

Evidence Basis: Architectural Proposal
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                    ┌──────────────────────────────────────┐
                    │     HUMAN (commit authority)          │
                    └─────────────────┬────────────────────┘
                                      │ intent + attachments
                                      ▼
┌─────────────────────────────────────────────────────────────────┐
│              CONVERSATIONAL SHELL (thread / workspace)           │
└─────────────────────────────┬───────────────────────────────────┘
                              ▼
┌─────────────────────────────────────────────────────────────────┐
│  PERMISSION LAYER  ← engineered authorization boundary           │
│  authority budget B → render profile                             │
│  if depth > B: suppress_section()  [not soften, not disclaimer] │
└─────────────────────────────┬───────────────────────────────────┘
                              ▼
┌─────────────────────────────────────────────────────────────────┐
│  EVIDENCE ENGINE  (inventory → support → warrant)                │
└─────────────────────────────┬───────────────────────────────────┘
                              ▼
┌─────────────────────────────────────────────────────────────────┐
│  RENDER CONTRACT  → sections emitted to user                     │
└─────────────────────────────┬───────────────────────────────────┘
                              ▼
              EVALUATION: authority calibration + accuracy
              (orthogonal gates — §5.8)

Two orthogonal evaluation axes: accuracy and authority calibration (§5.8). The permission layer
replaces the implicit submit gate removed by conversational interfaces — it is the explicit
authorization boundary the paradigm requires.

6.2 Components and integration

Evidence Basis: Architectural Proposal
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Component Role

Instruction + knowledge artifacts Profile selection rules; structured
output specification

Authority gate Pre-render budget computation;
profile binding

Evidence pipeline Inventory → reconciliation →
findings

Post-render suppressor Hard removal of over-budget
sections before display

Depth rubric Measures authority calibration
(Appendix B)

6.3 Single-pass LLM deployment (instruction-bound)

Evidence Basis: Engineering Observation · Architectural Proposal

Most conversational work systems today deploy as single-pass hosted LLM workspace,
enterprise assistant plugins, or similar — instructions plus knowledge attachments, no
executable runtime at inference. This is the pattern used in the primary field illustration (§3.2)
and in governed review engines that bind behavior through prompt + structured output
specifications.

What runs in instruction-bound deployment today: Layer 2 only (profile-bound structured
output specifications via instructions + knowledge artifacts). Layer 1 (B) is instructive, not
deterministic. Layer 3 ( suppress_section() ) is not enforced at inference — only via offline scoring
or middleware post-render (§5.3.1 deployment-mode mapping).

Simulated authority budget is observed useful at this tier for operational execution
compression (§3.2) and measurable depth reduction when profile wins on conflict (theory-break
Arm D: 6.1 → 3.4). The LLM does not need a native budget parameter; it needs a clear, non-
conflicting structured output specification that tells it which surface to render.

What remains harder without middleware: deterministic pre-computation of B before every
generation; guaranteed suppress_section()  if the model ignores profile rules; continuous gate
measurement without offline scoring. Ungoverned briefing-first defaults still produce depth ~6
regardless of evidence (§5.1) — that is a contract design failure, not evidence that simulation is
useless.
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Internal conflict is the common failure mode. When instructions say “budget ≤ 3 → Evidence
Record” but the structured output specification also mandates a full briefing skeleton on first
render (STATUS, snapshot, review-focus section, chronology note section), the schema floor
wins. Resolution requires profile wins on conflict: shallow render profiles must override briefing
defaults, not coexist with them.

Instruction-bound — Layer 2 profile simulation (prototype-observed)
  Structured output specifications + governance-layer render profiles; field compression 
(§3.2); Arm D depth 3.4 (§5.6)
  Fails when a first-render required-section set overrides shallow profiles (§5.3.1 release 
test)

Mode 1 — model + human QA
  Supervisor spot-check on sparse files for briefing-shaped overreach

Mode 2 — GPT + offline evaluation
  Layer 3 suppress simulation (Arm B); score depth vs budget; inform contract iteration

Mode 3 — Middleware wrapper
  Deterministic Layer 1 compute → Layer 2 bind → generate → Layer 3 live suppress → display

Simulated authority budget is the default governance path for single-pass LLMs — useful and
deployable now. Middleware strengthens guarantees; it does not replace the need for profile-
bound contracts.

6.4 Platform implication — unified specialized work OS

Evidence Basis: Architectural Proposal

This paper is not a general-purpose operating system specification. It describes the architecture
of a unified specialized work OS for evidence-bound decision support — a governed
environment for a class of regulated knowledge work, not a replacement for desktop OS, ERP,
or clinical systems of record.

What “unified specialized work OS” means:

Shell      →  Conversational layer (thread, intent, incremental utterances)
Kernel     →  Permission (authority budget → render profile → suppress)
Runtime    →  Evidence engine + render contract + evaluation
Domain     →  Specialized packs — **auto claims (empirical)**; clinical, legal, etc. are 
separate proposals
Commit     →  Human authorization → system of record
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Unified — one operating model across intake, orientation, synthesis, and artifact emission; the
operator does not re-learn a different UI per workflow stage. Specialized — scoped to evidence-
bound decision support where synthesis depth must track warrant; not a general productivity or
customer-service chat platform. Work OS — the thread is the session; work persists as artifacts
and state inside the environment; conversation is how the operator drives the session — not a
sidebar beside the real work.

Contrast with common deployment patterns (generic — not product audit): sidebar assistants
beside the system of record preserve SoR screens as the unit of work; orchestration-first agentic
layers optimize tool use without synthesis-depth permission; general conversational surfaces
orchestrate backends without evidence-bound depth caps. A governed work OS composes
thread-as-workspace, permission kernel, and human commit()  — developed in the work-OS
companion note (the specialized work-OS companion note §3–§4).

The reference architecture in §6.1 is the kernel shape such an OS requires. The field vignette
(§3.2) is a domain-pack session in instruction-bound deployment infrastructure (single-pass
hosted LLM workspace + structured output specifications). Mode 3 middleware (§6.3) is the path
to a runtime that enforces the permission kernel at inference.

Specialized conversational work OS — architectural pattern developing platform primitives
(thread, profile, artifact, budget, commit) and composition across domain-specific policy sets.
This white paper answers why the OS needs a permission kernel; §6.4 answers what the OS is.

One-line positioning:

A unified specialized work OS for evidence-bound decision support — conversation as shell,
permission as kernel, systems of record as commit layer.

EVIDENCE GOVERNANCE AND AUTHORITY BUDGET IN SPECIALIZED WORK OS

A specialized work OS implements evidence governance (formal: EAT, §4.4) through an evidence
subsystem and domain-specific policy sets:

Construct specialized work OS role

Evidence gates (α, κ, λ) Evidence subsystem — what may enter the thread
and how artifacts relate

Tension / divergence Queue ranking, review focus; flags feed budget

Signals not decisions Commit boundary — human commit()  required

Authority budget Kernel primitive — permission ceiling at operating
point (§5.3)
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Authority budget is a kernel primitive — the permission kernel’s core syscall input/output:

┌─────────────────────────────────────────────────────────┐
│  SHELL — conversational layer (thread, intent)           │
├─────────────────────────────────────────────────────────┤
│  PERMISSION KERNEL                                       │
│    budget_compute(thread) → B                           │
│    profile_select(B) → render profile                     │
│    synthesize(thread, profile) → bounded model pass       │
│    render() → suppress_section() if depth > B             │
├─────────────────────────────────────────────────────────┤
│  EVIDENCE SUBSYSTEM (gated evidence pass)                 │
│    inventory → reconciliation → completeness X            │
│    feeds budget_compute: stage, X, missing artifacts      │
├─────────────────────────────────────────────────────────┤
│  DOMAIN-SPECIFIC POLICY SET — regulated auto claims (empirical workload only)               
│
│    collision stage models · artifact profiles · contracts │
│    stage models · artifact profiles · structured output specifications    │
├─────────────────────────────────────────────────────────┤
│  COMMIT BUS → System of Record                            │
└─────────────────────────────────────────────────────────┘

Data flow at render time:

Evidence governance  →  evidence pass  →  X, stage, missing artifacts
                                              ↓
                                    budget_compute() → B
                                              ↓
                                    profile_select(B) → Evidence Record | Partial | 
Briefing
                                              ↓
                                    synthesize + render (permission-bounded)
                                              ↓
                                    evaluate: depth ≤ B ?  (authority calibration)

Evidence rules define what evaluation means. Authority budget defines how deep synthesis may
render. A specialized work OS composes both with domain-specific policy sets and the
conversational shell (§6.0).

Deployment note. Formal evidence governance (EAT) plus budget logic can run instruction-
bound today (§6.3). Shared evidence services and additional domain-specific policy sets remain
Architectural Proposal / Future Work.
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7. Deployment Requirements

Evidence Basis: Architectural Proposal · Engineering Observation

7.1 Pre-release checklist

Evidence Basis: Architectural Proposal

Render profiles defined with explicit allowed/suppressed sections

Authority budget rules documented (stage + completeness + artifacts)

Pre-render profile binding mandatory — profile wins on conflict with briefing defaults

Advisory prohibitions in instructions and structured output specification

Depth classified on 0–7 rubric (Appendix B)

Pilot across completeness buckets with pass criteria in §5.6

Operator training: profile-appropriate asks

QA sampling: spot-check sparse files for briefing-shaped overreach

Deployment mode declared: instruction steering (instruction-bound) vs enforced
suppression (Mode 3)

7.2 Anti-patterns

Evidence Basis: Engineering Observation

Guidance ≠ enforcement · soft prompts ignored in single-pass · display-only stage labels ·
briefing-shaped defaults · first-render contracts that override shallow profiles · disclaimers
without suppression.
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8. Organizational Implications

Evidence Basis: Architectural Proposal · Field Observation

Deployments should be positioned as decision support with documented permission testing, not
decision automation. Supervisors should sample sparse files for briefing-shaped overreach (§7.2).
Synthetic gates (§5.8) and naturalistic vignettes (§3.2, Appendix D) are complementary evidence
types.
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9. Conclusion

Evidence Basis: Conceptual Model · Architectural Proposal

What now exists. An architecture for governed conversational computing that (i) names
authority collapse as the characteristic failure of ungoverned conversational work surfaces, (ii)
defines authority calibration as an evaluation dimension distinct from accuracy and grounding,
and (iii) specifies permission-bounded rendering — authority budget, render profiles, and
section suppression — as the structural response (§5–§6). The architecture composes with
evidence-governance principles formalized in EAT (SSRN 6507718) and treats human commit as
the irreversible action boundary.

Why it matters. Accuracy and grounding do not answer whether a statement class is permitted at
an operating point. Without an explicit permission layer, conversational interfaces can emit
briefing-depth synthesis on sparse evidence while remaining fluent and locally correct (§5.1).

What remains to be tested. Multi-rater depth reliability; multi-site and multi-domain replication;
live post-render enforcement at inference; and whether calibration thresholds transfer beyond the
single-domain measurement surface used here (§9.1).

9.1 Limitations and scope of evidence

Evidence Basis: Scope / Limitations (explicit)

This is a research white paper with mixed evidence registers. Limitations are stated explicitly.
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Evidence type Register What was measured What was not measured

Field vignette (§3.2) Field
Observation

Execution compression in
one regulated claims
setting; identifiers redacted

Generalizability across roles,
organizations, or domains;
controlled A/B against unaided
baseline

Author field
observation (§4.5)

Field
Observation

Repeatable operator trust
under verification in the
same setting

Independent replication; formal
trust psychometrics

100-case depth study
(§5.8)

Experimental
Result
(single-rater)

Schema floor + authority
collapse under briefing-
shaped defaults

Multi-rater depth reliability;
independent external audit of
fixtures

10-case theory-break
pilot (§5.6, §5.8)

Experimental
Result
(single-rater)

Layer 2 depth reduction
(Arm D); Layer 3 offline
suppress (Arm B)

Full pass criteria at scale; live Layer
3 enforcement at inference; model-
family independence

Theory-break arms
A–D (§5.8)

Experimental
Result
(single-rater;
within-
prototype
causal)

Schema as authority
allocator under controlled
profile change

Same-prompt in-place edit designs;
cross-lab reproduction

Specialized work-OS
composition (§6.4)

Architectural
Proposal

Internal consistency of
shell / kernel / domain-
pack layering

Product roadmap validity;
competitor feature audit; multi-
domain production proof

Limited empirical scope. Evaluation is single-domain, pilot-scale, and single-rater unless
otherwise noted. Generalization beyond that surface is unknown (§4.3).

Pilot limitations. The 10-case pilot demonstrates magnitude and directionality of Layer 2/3
interventions. It does not satisfy release pass criteria (correlation > 0.5 at scale; gate fail < 30% on
Arm D). Results are single-rater.

Single-domain limitation. All quantitative results and the field vignette come from auto
collision claims. §4.3 offers cross-domain analogies (Architectural Proposal). Those analogies are
not additional experimental cohorts.

What was measured. Reasoning depth under an Appendix B rubric; synthetic permission-gate
fail rates; offline section-suppression effects; one naturalistic compression vignette.
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What was not measured. Multi-site outcomes; independent organizational replication; inter-rater
κ on borderline depths 4–5 at scale; live middleware suppression latency/error rates; transfer to
non-claims regulated domains; long-horizon operator behavior change; economic ROI.

Generalization risks. Depth-rubric floors may encode domain section names. Authority-budget
stage tables are domain-pack specific. Schema-floor failure may be weaker in deployments that
never used briefing-shaped defaults. Readers should treat calibration thresholds as local until re-
estimated.

Highest-priority gap for model-risk audiences. All synthetic gate statistics derive from one
author-rater (Appendix B). Multi-rater κ on borderline depths should precede high-stakes release
sign-off (Appendix B.5).

Future Work. Independent org replication; multi-rater depth scoring; additional domain-specific
policy sets with re-estimated budgets; live post-render suppression at inference; published fixture
packs for external audit.

The paradigm claim (§2.3) and the governance stack can be evaluated separately: readers who
reject “new paradigm” may still accept authority collapse and calibration as deployment
problems worth measuring.
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Appendix A — Glossary

Evidence Basis: Conceptual Model (definitions)

Read this paper with five terms. Everything else is mechanism vocabulary defined once here.

A.1 Essential terms

Evidence Basis: See parent section

Term Definition

Conversational computing Work interface paradigm: intent-first threads replace forms/queues;
companion UX adapts to intent and operating point

Authority collapse Reasoning depth invariant as evidence falls — the problem this paper
names

Authority calibration Whether synthesis depth matches evidentiary warrant — the metric
the paradigm requires

Permission-bounded rendering Architecture: budget → render profile → suppress over-depth sections
— the solution

Authority budget Permission ceiling at an operating point; simulated in LLMs via
profile-bound structured output specifications (§5.3.1)

A.2 Supporting mechanism vocabulary

Evidence Basis: See parent section

These terms explain how collapse occurs and how simulation works. They are not separate
contributions.
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Term Definition

Schema floor Minimum depth imposed by mandatory briefing sections — primary
mechanism of authority collapse (§5.1)

Template completion pressure Ungoverned tendency to populate every section slot in the output
schema (§5.1)

Render profile Allowed section set for a budget band — Evidence Record, Partial
Review, Decision Briefing (§5.4)

Suppress_section Hard removal of over-budget content before display — not rewrite,
not soften

A.3 EAT framework vocabulary

Evidence Basis: See parent section

Formal definitions and pipeline: §4.4. SSRN: Saunders (2026), 6507718.

https://ssrn.com/abstract=6507718
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Term Definition

EAT Evidence-Aligned Tension — formal framework separating evidence
evaluation from action authorization; constitutional layer for a
specialized conversational work OS

Evidence Tension runtime Evidence Tension — deterministic runtime implementing EAT’s α, κ,
λ, ETM, EDIK pipeline

Domain-specific policy set
(empirical)

Regulated auto-claims workload — collision estimate, supplement,
rental, payment review on the evidence-tension runtime; not claimed
as universal across lines of business (§6.0)

Admissibility (α) Per-artifact gate: is evidence usable (provenance, integrity, type)?
Failure: ⊥α

Coherence (κ) Set-level gate: do admissible artifacts agree? Failure: ⊥κ

Alignment (λ) k-dimensional vector: degree evidence supports each claim dimension

ETM Evidence Tension Metrics — weighted structural misalignment
between E⁺ and claim C; outputs Ts and tension vector for human
review

EDIK Envelope Determinism Integrity Kernel — detects evidence/claim
envelope divergence (coverage, scope, topology); signal σ ∈ {clear,
flag}

CBAC Constraint-Bounded Advisory Control — M(E,C) ∈ S, S ∩ A = ∅;
irreversible actions only via human gate G ( commit() )

Non-decisional guarantee EAT Theorem 31: fully compliant system cannot autonomously
execute irreversible actions

Evidence lineage Traceability from output signal to admissible artifact — basis for
operational trust (§4.5)

A.4 Related terms

Evidence Basis: See parent section
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Term Definition

CBAC Constraint-bounded advisory control — see A.3; bounds quick
orientation and agentic output (§3.3–§3.5)

Quick orientation Governed answer to “what’s my day look like?” — cross-source ranked
focus at shallow profile (§3.4)

EAT-bounded agentic Multi-step agents operating under α, κ, λ, ETM, EDIK, CBAC, and
authority budget — not unchecked autonomy (§3.5, §4.4)

Decision readiness Whether evidence supports action on a dimension

Intent-adaptive companion UX Interface morphology reconfigures with operator intent and file state

Reasoning authority How much synthesis may be rendered at an operating point

Specialized conversational work
OS

Architectural pattern: conversation as shell, permission as kernel,
domain-specific policy sets as workloads (§6.4)
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Appendix B — Reasoning depth rubric (0–7)

Evidence Basis: Methods instrument · Experimental Result

Every authority-collapse metric in this paper — correlation(completeness, depth), stage-gate
pass/fail, over-budget rate — depends on reasoning depth classification. This appendix defines
each level explicitly. Do not infer what “depth 6” means; use these definitions.

B.1 Scoring rule

Evidence Basis: See parent section

Depth is the maximum level triggered by output text, combining:

1. Phrase patterns — linguistic signals at each level (inventory language, gap language, STATUS,
handling imperatives, disposition language).

2. Section floors (schema floor) — mandatory briefing sections force minimum depth regardless
of phrasing or evidence (e.g., -- review-focus section --  → floor 6; 🟢 STATUS:  → floor 5).
This is the primary measured mechanism for authority collapse (§5.1).

A sparse file can score depth 6 only because the output schema includes briefing sections — not
because the model performed depth-6 reasoning about the evidence. The 100-case experiment
(depth ~6.0 across 30%/50%/70% buckets; r = 0.24) is evidence of contract-imposed depth, not
uniform inferential ambition. That structural floor is why suppress_section()  is the correct
intervention — not stronger disclaimers or retrieval.

B.2 Level definitions with examples

Evidence Basis: See parent section
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Depth Label What it means Example excerpt

0 Raw observations Factual restatement of what is
visible or stated — no
document inventory, no gaps,
no posture

Observations: LF deer impact

visible in photos \| ADAS:

Scan lines on estimate \|

Photos: LF bumper, tie bar.

1 Document
inventory

Listing what is on file or
documented —
presence/absence without
naming gaps as review items

Documents on file: FNOL,

initial estimate, Supplement

1, photos.  Estimate received
and documented on file.

2 Evidence
relationships

Stating how artifacts relate —
support, consistency,
alignment — without
operational conclusion

Photos support LF impact zone

consistent with fender replace

scope.  Calibration invoice on
file for ADAS calibration

line.

3 Gap
identification

Naming what is missing, not
located, or not yet documented
— without STATUS or
handling plan

Pre/post scan operation on

estimate; scan report and

invoice not located in file.

Documents not located: final

bill, repair completion

documentation, scan report.

4 Claim
interpretation

Posture about claim state —
repairable, in progress,
appropriately positioned —
typically in chronology note
section

Repair in progress per

supplement with LF scope

supported by photos. Vehicle

remains repairable with

appropriately positioned

scope.

5 Operational
conclusions

STATUS band, continuity
assessment, economics
(ACV/RTV/TL pressure),
workflow posture

🟡 STATUS: NEEDS REVIEW

Continuity: IN SYNC — LF deer

strike aligns with visible LF

impact.  TL Pressure: WATCH \|
RTV: ~46%

6 Handling
recommendations

Material review focus items,
future verification plan,
handling imperatives — what
to obtain, confirm, or verify

Documentation Gap: Scan report

not in file.  Obtain scan
report at billing/payment

review.

7 Disposition
recommendations

Payment, approval, or
disposition language — the

I'd approve payment once

invoice detail reconciles.
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Depth Label What it means Example excerpt

system sounds ready to act Proceed with payment per

estimate of record.

B.3 Worked contrast (same claim context)

Evidence Basis: See parent section

Claim: Initial Estimate, scan line on estimate, no scan report in file.

Depth ~3 (Evidence Record — warranted):

-- Observations --
Front/LF impact; scan line on estimate; no scan report in file.

-- Documents --
On file: estimate, photos. Not located: scan report, scan invoice.

-- Evidence Gaps --
Pre/post scan operation on estimate; scan report and invoice not located in file.

Classifier: depth 3 ( gap_identification ). Appropriate for sparse file.

Depth ~6 (briefing-shaped — over-authoritative on same file):

🟢 STATUS: IN SYNC
Focus: No material review items.

-- Claim Snapshot --
• Stage: Initial Estimate | ACV: ~$22,000 | RTV: ~31%
Continuity: IN SYNC — estimate lines align with visible damage.

-- review-focus section --
No material review items.

-- Future Verification Items --
• Obtain scan report(s) at supplement/payment stage.

-- chronology note section --
Initial estimate stage... scan report/invoice not expected until performed.

-- advisory judgment section --
Flag scan documentation for later capture.
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Classifier: depth 6 ( handling_recommendations ) — driven by STATUS, snapshot economics, Future
Verification, and advisory judgment section section floors, not by evidence completeness. This is
the measured production pattern on sparse fixtures (96% gate fail, §5.8).

Depth ~7 (disposition — prohibited in advisory systems):

-- advisory judgment section --
• Documentation supports payment release after minor scan invoice variance review.
• I'd approve payment once invoice detail reconciles.

Classifier: depth 7 ( disposition_recommendations ). Exceeds CBAC regardless of file state.

B.4 Mapping depth to render profiles

Evidence Basis: See parent section

Depth range Render profile Typical use

0–3 Evidence Record Sparse files, early stage, low completeness

4–5 Partial Review Mid-maturity files with limited synthesis

6–7 Decision Briefing Payment-ready or high-completeness files

Authority budget selects the profile; depth classification measures whether output complies.

B.5 Classifier limitations and inter-rater status

Evidence Basis: See parent section

Current state. All primary gate statistics in this paper (§5.1, §5.6, §5.8, executive summary) use
one author-rater applying this rubric offline. Gate pass = classified depth ≤ budget B at the
operating point.

Known limitations:

Borderline depth 4 vs 5 (chronology note section posture vs STATUS) may require human
adjudication on edge cases — the highest-variance band for inter-rater disagreement.

Suppression simulation (Arm B) can score depth 0 on inventory-only stripped text even when
utility is high — not the Layer 2 target; Arm D mean 3.4 is the operative shallow-depth
reference (§5.6).

Section floors can dominate phrase scoring — which is intentional: structural overreach is the
failure mode being measured.
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Inter-rater follow-up (release blocker for model-risk sign-off):

1. Sample borderline cases (depth 4–5 band) from the 100-case set and pilot set.

2. Second rater (claims SME or model-risk analyst) scores blind; compute κ on depth class and
gate pass.

3. Report disagreement cases — if κ is low only on 4–5, refine rubric or add adjudication rule; if
κ is low on 6+ vs suppressed profiles, revisit section-floor weights.

What would not falsify the central claim: modest inter-rater drift on whether a sparse file is
depth 4 or 5. What would: independent raters consistently scoring sparse briefing outputs at
depth ≤ 3 under the same rubric — which would undermine the 96% fail magnitude (unlikely
given section-floor design, but must be tested).
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Appendix C — Companion documents

Evidence Basis: Future Work / positioning

Companion materials that elaborate the same architecture without serving as product
documentation:

Companion Role

Saunders (2026), SSRN 6507718 Formal EAT foundation —
admissibility, coherence, alignment,
CBAC

Specialized conversational work-OS note Platform-shape elaboration of shell
/ kernel / domain-pack composition
(§6.4)

Community-of-practice article Shorter narrative framing of
conversational computing for
operators

This SSRN edition is self-contained. Companions are optional; none are required to evaluate the
architectural argument.
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Appendix D — Operational case study

Evidence Basis: Field Observation (single-domain, redacted)

Summary of §3.2. Full narrative: evidence/Conversational_Computing_Use_Case_2026-07-10.md .
Stalled repair claim; ~20-minute conversational execution; supervisor validation without AI
awareness. Complements synthetic permission gates (§5.8).
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